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Overview 

• AI and Higher Education Environmental 
Scan 

• AI in IR 

• Ethical Considerations
• AIR Statement of Ethical Principles

• Do No Harm  

• Discussion of the role of AI in IR 



Definitions 

• Intelligence might be defined as the ability to learn and 
perform suitable techniques to solve problems and achieve 
goals, appropriate to the context in an uncertain, ever-varying 
world. A fully pre-programmed factory robot is flexible, 
accurate, and consistent but not intelligent. 

• Artificial Intelligence (AI), a term coined by emeritus Stanford 
Professor John McCarthy in 1955, was defined by him as “the 
science and engineering of making intelligent machines”. 
Much research has humans program machines to behave in a 
clever way, like playing chess, but, today, we emphasize 
machines that can learn, at least somewhat like human beings 
do.

• Stanford University Human –Centered Artificial Intelligence  

• AI is “a machine’s ability to perform the cognitive functions we 
associate with human minds, such as perceiving, reasoning, 
learning, interacting with an environment, problem solving, 
and even exercising creativity. “

• McKinsey and Company 



Definitions 

• Generative artificial intelligence (AI) describes algorithms (such as 
ChatGPT) that can be used to create new content, including audio, 
code, images, text, simulations, and videos. Recent breakthroughs 
in the field have the potential to drastically change the way we 
approach content creation. The practice of getting machines to 
mimic human intelligence to perform tasks. 

• Machine learning is a type of artificial intelligence. Through 
machine learning, practitioners develop artificial intelligence 
through models that can “learn” from data patterns without 
human direction. The unmanageably huge volume and complexity 
of data (unmanageable by humans) that is now being generated 
has increased the potential of machine learning, as well as the 
need for it.

• McKinsey and Company 

• Artificial intelligence (AI) and machine learning are often used 
interchangeably, but machine learning is a subset of the broader 
category of AI. Put in context, artificial intelligence refers to the general 
ability of computers to emulate human thought and perform tasks in 
real-world environments, while machine learning refers to the 
technologies and algorithms that enable systems to identify patterns, 
make decisions, and improve themselves through experience and data. 

• Columbia Engineering 



“Artificial intelligence is emerging as one 
of the most powerful agents of change 
in higher education, presenting the 
sector with unprecedented academic, 
ethical and legal challenges. Through its 
algorithmic ability to adapt, self-correct 
and learn, AI is pushing the boundaries 
of human intelligence, making the 
future of higher education inextricably 
intertwined with AI.” 

M’hammed Abdous

https://www.insidehighered.com/views/2023/03/22/how-ai-shaping-future-higher-ed-opinion



“The release of ChatGPT suggests that 
we’re at the dawn of an era marked by 
rapid advances in artificial intelligence, 
with far-reaching consequences for 
nearly every facet of society, including 
higher education. From admissions to 
assessment, academic integrity to 
scholarly research, university operations 
to disappearing jobs…”

https://www.insidehighered.com/views/2023/03/22/hohttps:/
/www.chronicle.com/article/how-will-artificial-intelligence-
change-higher-edw-ai-shaping-future-higher-ed-opinion



AI Buzz Dominates Annual Ed-Tech Conference
(Inside Higher Ed Headline October 12, 2023)

• “Speakers and 
attendees at Educause 
expressed cautious 
optimism about the 
early days of artificial 
intelligence in higher 
ed.”



How Will AI Change Higher Education?

• AI will help control costs – admissions and student services will be affected first. 

• AI will liberate labor- any types of work could be taken over by machines and 
jobs could vanish 

• The professional distinction between teachers (who transfer information) and 
scholars (focused on knowledge production) will become more stark.

• Methods of organizing and systematizing information are becoming more 
important. Catalogs, canons, and curated lists will become more valuable.

• The textbook industry should be worried.

• Higher education will be less about ensuring students know what they’ve read 
and more about ensuring they read what is not yet known by AI.

• The written essay will no longer be the default for student assessment.

• At the time of this writing, AI writing is technically proficient but culturally 
evacuated.

• Until culturally inflected AI is developed, models such as ChatGPT will stand 
apart from culture. Knowledge production within culture will not fully be 
absorbed by AI.

• Specific and local cultural knowledge will become more valuable.

• Experiential learning will become the norm. Everyone will need an internship. 
Employers will want assurances that a new graduate can follow directions, 
complete tasks, demonstrate judgment.

Directly quoted from: https://www.chronicle.com/article/how-will-artificial-intelligence-
change-higher-ed- and 
17 notes on Academic AI the ground is shifting under our feet Hollis Robbins 

https://www.chronicle.com/article/how-will-artificial-intelligence-change-higher-ed-
https://www.chronicle.com/article/how-will-artificial-intelligence-change-higher-ed-


AI in Higher Education Landscape Uses 

• Administrative Support 
• crunch data on recruitment/admissions, aid decision 

making, assess productivity and performance  

• Teaching Support 
• adaptive assessments, personalized torturing, 

generate context, resolve accessibility issues 

• Learning support 
• self-service chats bots, flag at-risk students, 

recommend courses, predict student performance

• Research Support 
• Shift through large datasets to identify patterns, 

recommend relevant articles, prepare manuscripts for 
publication   

https://www.insidehighered.com/views/2023/03/22/how-ai-shaping-future-higher-ed-opinion



Group/Table Conversation 

• How used at your institution? 

• How benefitted or positive 
implications?  

• What concerns or negative 
implications? 



Potential Uses in 
Institutional Research and 
Effectiveness 

• Data Cleaning

• Data Merging/Integrating diverse 
sources

• Data Analyses

• Qualitative/text analyses

• Writing team bios

• Office 
Communications/newsletters

• Helping users find answers to 
common questions



Who has 
tried chat 

GPT?



How many have 
had ChatGPT write 
your bio?

Which of these was generated most 
recently?

Do you know enough about me to know if 
this is true?



What might we 
say about 
ethics?



Expert systems 
are everywhere

… so we need to be cognizant 
of how what we are doing 
impacts (or doesn't) 
our results and its uses.



What might 
we say about 

ethics?



Are we sure that 
the people whose 
data were used to 
train the model 
gave consent?



How accurate is it at analyzing facts?



Make sure not to mislead, even when accurate



Are the data of appropriate quality (and coverage) for 
the analysis?



How 
transparent 

is the 
algorithm?



Making sure we Do No Harm – a resource

https://www.urban.org/projects/do-no-harm-project



Group/Table Conversation 

• How used in IR/IE office? 

• How benefitted or positive 
implications?  

• What concerns or negative 
implications?  

• How would you like to use but have not 
done yet? 



Final Thoughts?
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